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An Empirical Analysis of Page Ranking
Algorithms
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Abstract— The information containment in the World Wide Web has increased incredibly. With the high growth rate of increase of
information, retrieving the relevant data has become cumbersome. To get rid of the complexity of information access the search engines
are use which apply different strategy to collect filter and drag the required information. This paper describes the different page ranking
algorithms and their empirical analysis by simulating them.These algorithims are PageRank, Weighted PageRank, and PRLV.The
algorithms are compared on the basis of relevance values and number of relevant pages in resultant page set for different queries.

Index Terms— web structure, page ranking, web graph, hyperlink structure, weighted page ranking, PRLV, web searching.

1 INTRODUCTION

HE WWW is a collection of web pages which contain the

data or information. One can move to another page from

a page using hyperlink this way a complete structure is
being made by the web pages and hyperlinks known as hyper-
linked structure of web pages. It is a directed graph where
web pages are nodes and hyperlinks are directed edges con-
necting pages. Search engines uses this structure to calculate
the importance & relevance of pages with respect to user
query and provide the user the web pages in sorted order of
importance as page ranks. There are different strategies and
methods based on different factors used to calculate the page
rank.

2 WEB PAGE RANKING ALGORITHMS

Many Search Engines has developed the web page ranking
strategy, taking into account the relevancy, importance and
content scores to mine the data and organize them as per the
user interest. A number of favoured web page ranking algo-
rithms are mentioned within the following section.

2.1 PageRank Algorithm

S. Brin and Larry Page [1] developed a ranking formula util-
ized by Google, named Page Rank after Larry Page that uses
the link structure of the World Wide Web to check the impor-
tance of pages of sites. This formula states that if a page has
some very important incoming links there to then its outgoing
links to various pages in addition becomes very important.
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Therefore, it takes back links into thought and propagates the
ranking through links. Thus, a page incorporates a high rank if
the addition of the ranks of its back links is high. The formula
is shown in eq. (1)

PR (v)

PR = (1—d) +d 2 (1

v EB(u) v

Where u represents an internet web page, B(u) is that the set of
pages that spot to u. PR(u) and PR(v) are the rank scores of
page u and v, correspondingly. N, denotes the quantity of
outgoing links of page v. Where d is a dampening factor that
is generally set to 0.85, d may be thought of as the probability
of users’ following the links and could regard (1 — d) as the
page rank allocation from non-directly linked pages. In Page
Rank, the rank score of a page, p, is equally divided among its
outgoing links. The values appointed to the outgoing links of
page p are in tern used to successively calculate the ranks of
the pages to that page p are pointing.

2.2 Weighted Page Rank Algorithm

Wenpu Xing and Ali Ghorbani [2] suggested an expansion
to standard web Page Rank called Weighted Page Rank
(WPR).This formula allocates larger rank prices
to additional very important pages rather than distributing the
rank value ofan internetpage equally among its out-
going connected websites. Each out-link web page gets a
worth in line with its quality. The recognition of an web page
is computed from the amount of in-links and out-links as Win
(v,u) and Wout (v,u), consequently. Win (v,u) (as in eq. (2)) is
that the weight of web link(v, u) computed on the premise of
the count of in-links of website u and also the count of in-links
of all reference web pages of web page v.

in u

Y
I
pER() |

I, and I, represents the count of in-links of web page u and
web page p, correspondingly. Wherever R(v) provides the
reference web page list of web page v and Wout (v,u) (as in eq.
(3)) represents the weight of link(v, u) computed based on the
count of out-links of page u and the count of out-links of all

(2)
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reference web pages of page v.

pERW)

Where Ou and Op provides the count of out-links of web
page u and web page p, consequently. Considering the impor-
tance of web pages, the particular Page Rank formula eq. (1)
is changed as given in eq. (4).

PRW=(1-d)+d PRWMWiy Wy ()

vEB(u)

The resultant order of pages availed by Page Rank and WPR is
different. To compare the WPR with actual Page Rank, the
authors categorized the resultant pages of a query into four
groups based on their relevancy to the given query:
1. Very Relevant pages (VR)
2. Relevant pages (R)
3. Weak-Relevant pages (WR)
4. Irrelevant pages (IR)

Wiy =

Default

/ (Home)
c-._i_

About us Messages Contact
us
Courses
KM Ca B Tech
C5 1T
CS5Time €5 €5 I TTime
Tahle Circulars MNotices Tahle

Figure 1: AWeb Access Graph

Relevancy Rule: The relevancy of a page relies on its category
and its position in the page-list. The higher the relevancy
value is, the better is the result. The relevancy x of a page-list
is a function of its category and position as in eq. (5):
dw-Dxw  ©

i€ER(p)

where i represents the ith web page in the end result web
page-list R(p) and n represents the first n web pages selected
from the end result web page list and Wi gives the weight of
page i.

K=

2.3 Page Ranking based on Links Visits (PRLV)

PRLV (Page Ranking based on Link Visits) [3] based on Web
Structure Mining and Usage Mining is taking the user visits of
pages/links to determine the importance and relevance score

] K L M
Y v y ¥

Figure 2: A Simplified Web Access Graph

of the web pages. To accomplish the task many subtasks are to
be performed as:
1. Storage of user’s access information (hits) on an out-
going link of a page in related server log files.
2. Fetching of pages and their access information by the
targeted web crawler.
3. For each page link, computation of weights based on
the probabilities of their being visited by the users.
4. Final rank computation of pages based on the weights
of their incoming links.
5. Retrieval of ranked pages corresponding to user que-
ries.

j K L M
i e S RN

Figure 3: A Partial Simplified Web Access Graph
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Table 1: Link Data Set

December-2012

hitp://1 1227/iimt_s/|

http:// :1227/1imt_s/c

http://localhost:1227/iimt_s/cscircular.aspx

OUT_URL Key 1 count | Rel | Key2 | count | Rel | Key3 | count | Rel Key 4 count | Rel
http://localhost:1227/iimt_s/Dafault.aspx Student 5 R | education 4 WR | nmT a WR India 1 IR
http://localhost:1227/iimt_s/courses.aspx Student 5 R | education 4 WR | nmMr a WR India 1 IR
http://localhost:1227/iimt_s, asp: Student 5 R education 4 WR nMT a4 WR India 1 IR
http://localhost:1227/iimt_s/aboutus.aspx Student 5 R | education 4 WR | nmT a WR India 1 IR
http://localhost:1227/iimt_s/contactus.aspx Student 5 R | education 4 WR | nMr a WR India 1 IR
http://localhost:1227/iimt_s/BTECH.aspx Student 2 W R |programme 2 WR 1T 1 IR degree 6 R
http://localhost:1227/iimt_s/mca.aspx Student 2 W R |programme| 2 WR 1IMT 1 IR degree 6 R
http://localhost:1227/iimt_s/Default.aspx Student 14 quality 1 IR 1IMT 15 A8 technology 2 WR
http://localhost:1227/iimt_s/Default.aspx Student 2 WR | quality 1 IR 1IMT 8 VR S 2 WR
http://localhost:1227/iimt_s/Default.aspx Student 1 IR meerut 5 R nmMT 7 R India 3 WR
http://localhost:1227/iimt_s/cs.aspx Student 5 R study 1 IR 1IMT 5 R degree 2 WR
http://localhost:1227/iimt_s/it.aspx Student 5 R study 2 IR 1IMT 5 R degree 3 WR
http://localhost:1227/iimt_s/Default.aspx Student 1 IR India 4 WER nMT 1 IR college 3 WR
http://localhost:1227/iimt_s/cstimetable.aspx Student 2 WR | degree 2 WR | umt 1 IR | technology 3 WR
nittp://localhost:1227/iimt_s/cscircular.aspx Student 2 WR | degree 2 WR [ nmr 1 IR | technology 3 WR
http://localhost:1227/iimt_s/csnotice.aspx Student 2 WR | degree 2 WR | Mt 1 IR | technology 3 WR
http://localhost:1227/iimt_s/ittimetable.aspx Student 2 WR degree 2 WER Mt 1 IR | Information 2 WR
http://localhost:1227/iimt_s/cscircular.aspx Student 2 WR | degree 2 WR | nmT 1 IR | Information 3 WR
hitp://localhost:1227/iimt_s/csnotice.aspx Student 2 WR | degree 2 WR | nmMr 1 IR | Information o WR
http://localhost:1227/iimt_s/courses.aspx Student 5 R Lecture 6 R nMT 5 R Period 3 WR
http://localhost:1227/iimt_s/courses.aspx Student 1 IR | Lecture 4 WR | umt 1 IR Period 2 WR
http://localhost:1227/iimt_s/courses.aspx Student 1 IR Faculty 5 R nMT a W R | Information 1 IR
http://localhost:1227/iimt_s/courses.aspx Student 12 Faculty 11 m nMT 6 R | Information 3 WR

The weights are calculated for out-links of pages and ranks are
computed by taking back-links into account.Calculation of
Visits (hits) of links: The hit count of every link is additionally
hold on, that is set simply by count the distinct IP addresses
visiting the page. The link_log contains knowledge all regard-
ing the page URLs, their hyperlinks and total hit count of
every address. The count of visits gathered in link_log is com-
puted from the second log referred to as access_log, it's the
format of the NCSA Combined Log Format. By process the
access_log and count the distinct IP addresses or User_Ids
visiting the address & stored in link_log.Calculation of Rank
Score: The search engines index most of the pages data as spo-
radically accessing from completely different internet servers
databases by the online crawlers at the time of crawling. The
operating of crawlers for PRLV is to fetch the pages in addi-
tion it access data as their hit counts hold on in link_logs and
sent to the PRLV Calculator. Each link within the crawled web
graph is assigned a weight, indicating its likelihood of being
visited by the users. Thus, ranking is propagated iteratively
through back coupled pages. Some terminologies used are:

Outbound link, a page p contains n hyperlinks in it and the
set of outbound link is expressed by: O(p)= { 01, 02...0n
},where every o; is a web page which can be accessed from
web page p.

Inbound Link to page p is a set B of m inbound links if: B= {
by, by,...bmjwhere each b; is a web page from which web page
p can be accessed .

Probability-Weight of Link - For a web page p O(p) is a out-
bound hyper link set where every outbound hyper link is as-
sociated a integer value Visit Count (VC).Then the weight for
link between p and o web pages is given by eq.(6).

VC(p,o)

Weight i, (p,0) = m
0 €0(p i

(6)

Page Rank based on Link Visits (PRLV), If p is a page having
inbound-linked pages in set B(p), then the rank (PRLV) is giv-
en by eq. (7):
PRLV(p)=(1-d)+ d PRLV (b).Weighty,,, (b,p) (7)
beB(p)

Where d is that the damping factor as is employed in Page-
Rank, Weightiink (.) is that the weight of the link. The PRLVcal-
culates the ranks of the pages with the assistance of know-
ledge gathered from internet crawler and passes these values
to the net crawler.

2.4 Web Page Ranking using Link Attributes

Suppose that a user surfing the Web randomly and user is
in a page, with certain probability. Ricardo [4] gives a variant
WLRank assigns the ranking value R(i) to page I using the
following eq. (8).

Table 2: Coding for nodes of figure 2

http:/flocalhost:1227/iimt_s/Messages.aspx
http://localhost:1227/iimt_s/contactus.aspx

http:/flocalhost:1227/iimt_s/cscircular.aspx
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Table 3: Iterative Calculation for PageRank

ITERATIONS| 0| 1| 2| 3 (45 |6 | T8[90 || B W50 B 8 00|02 8 W 5K
PR( Cl 1| 36 | 2345 | L073%%| L87578| 250744) L2703 2. L5646 210437 228488 2.00962  .17762) 116403  2.21105) 21915 | 218315 L18677| 218459) 11875 2.18687| 218533 218457
PRl f l 1 | 0475 | L80125) 133163 1.13203 | L0ATZL) L3411 1.20859 L1665 |1.14436) 1.221081.18909) 117549 L6971, 1.18974) 118139 L18156) LL7938) 117645 1.17806) 117542 L7885
PR lﬁ l 1 | 075 |L80125) 133163 | 113203 | LOATZL) L3411 120859 L1665 | 114436 1.22108{1.18909) 117549 L1697, 1.18974) 118139 L18136) LL7938) 117045 117806} 117542 17885
PR( H l 1 | 0475 |0.33688) 101353 | 0.8155% 073111 0.§3508 0.81999 | 0.7679 | 074576 0.73633 | 0.7689%] 0.73538 0.74338) 0.7713) 07556 (7499075216 0.75124| 0.75084) 073067 073125
PR( | l 1 | 0475 |0.33688) 101353 | 0.8155% 073111 0.§3508 0.81999 | 0.7679 | 074576 0.73633 | 0.7689%] 0.73538 0.74338) 0.7713) 07556 (7499075216 0.75124| 0.75084) 073067 073125
PR( J l 1 |0.53383) 0.44135) 040021 0.33773 | 0.48118) 045715 044683 0.48233) 046757 04613 |0.45863) 046787 0.45402, 0.46238) 0 46159 (145266 0.46248) 0.46311 | 0.46285 046778 0.46269
PRl K l 1 |0.1667) 06325 | 0.35428|0.82547|0.TL237) 06643 | 064367 .71456) 0.68514) 0.6726 |0.66727) 0.52574) 0.67804) 0.67476) 067337 (57333 0.67497) 057622 DTST |1.67548) 067538
PRl L l 1 |(L81667) 0.6325 | 035428 0.82547|0.TL237) 06543 | 06367 0.71450) 0.58514) 06726 |0.66727) 0.58574| D.T804) 0.67476) 067237 (167393 0.67497) 0.57522) DATST |0.67348 067538
PRlMl 1 |0L.33388) 048135 0. 40021033773 | 0.48118) 0.45715, 044633 045233 0.46757 0.4613 |0.45863) 046787045402, 0.46238) 0 46159 (145266 0.46248) 0.46311 | 0.46285 046778, 0.45269
W, k)R() tity of topics. The relative chance between questions alphabet-
R = + 1- )Z S WG,k ® ic character and topic i is usually recommended on the pre-

where T is the total number of pages, q is the probability
(damping factor) of leaving page p and

W(j,i) = L(jii) (e + T(j i) + AL(j i) + RP(j,i)) ()
where given a link from page j to page i we have:

» L(j,i)is1if the link exists, or 0 otherwise, and c is a
constant that gives a base weight to every link,
T(j, 1) is a value that depends on the tag where the
link is inserted,
AL(j, 1) is the length of the anchor text of the link di-
vided by a constant d that depends that estimates the
average anchor text length in characters, and
RP(j, i) is the relative position of the link in the page
weighted by a constant b.

>

>

T(j, i) could also be a sequence of constants reckoning on
the tag where the link is, if the link is inside a < h1> tag, a high
T(j, i) worth is appointed and slightly less for < h2>, etc. The
term AL(j, i) offers lots of value to links where the creator
explained in further detail what net resource is being con-
nected. RP(j, i) offers lots of weight to links that area unit at
the beginning of the page rather that at the last of the page.

2.5 Time Rank: Based on visiting time

The Time Rank model [5] is generated by causing time primar-
ily based visiting model. If the page content is related to key-
words of user query then the user can remain page for a pro-
tracted amount, the opposite user can leave quickly giving
short visiting time to the page. In Time Rank, every page has
n-ranking scores that relies on n-number of topic, thus area
unit TSPR(i) ,which is calculated offline. Next the user’s key-
words submitted in query area unit matched against the quan

mise of theorem theorem [6] as in eq. (12)

_ Pr (q,T (i))

P. (T() 1 q) e (10)
_ Pr(T())) * Prifig | T(0))

- Prify) an
~ Pr(T(®) *Pr(q | T()) (12)

Ti
Pr (T())

-> is the topic i of each page.

- means the proportion of pages related
to topic i in the whole pages set.

Pr(Ti | q) - means the probability of the query q

belonging to topic i.

The topic sensitive page rank used in the Time Rank is given
by
TSPR(i ')
TPSRt()) = « Z

. | Fi |

i€B
Single jump probability 1/n is replaced by Et
E(n)}, nis the no. of topics.

+ (1 —a).Et(i) (13)

{E(D),

BQ) = {1
Where n; 2 number of pages related to topic.
There are unit n TSPR scores related to topics .1t is calculated

statically offline. When some period of search engines the time
vector associated with topics for each page will be calculated
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Table 4: Iterative Calculation for Weighted PageRank

ITERATIONS| 0 1 2 3 4 3 b / 8 9 10 | 11 | 12
WPR( C)| 1 3.65 | L581667| 1322771 | 1.275006 | 1.351856 | 1.291874 | 1.284366 | 1.282981 | 1.28521 | 1.28347 | 1.283252 | 1283212
WPR( F )| 1 |0391667|0.767083 | 0.474069 | 0.437393 | 0.430626 | 0.441513 | 0.433015 | 0.431952 | 0.431756 | 0.432071 | 0.431825 | 0.4317%
WPR( G )| 1 |0533333]1.284167|0.698139 | 0.624785 | 0.611252 | 0.633026 | 0.616031 | 0.613904 | 0.613511 | 0.614143 | 0.61365 | 0.613588
WPR( H )| 1 | 04625 |0.363333|0.5228850.398355 | 0.382767 | 0.379891 | 0.384518 | 0.380907 | 0.380455 | 0.380371 | 0.380505 | 0.380401
WPR( | )] 1 | 04625 |0.363333|0.522885 0398355 | 0.382767 | 0.379891 | 0.384518 | 0.380907 | 0.380455 | 0.380371 | 0.380505 | 0.380401
WPR( J )| 1 |0306667| 0.276208 |0.270589 | 0.27963 | 0.272573| 0.27169 | 0.271527 |0.271789 | 0.271585 | 0.271559 | 0.271554 | 0.271562
WPR( K )| 1 |0476667]0.354833 | 0332356 0.368521 | 0.340294 | 033676 |0.336109 | 0.337157 | 0.33633 | 0.336236 | 0.336217 | 0.336248
WPR( L )| 1 |0476667|0.354833 |0.332356 | 0.368521 | 0.340294| 0.33676 | 0.336109 | 0.337157 | 0.336339 | 0.336236 | 0.336217 | 0.336248
WPR( M)| 1 |0306667| 0.276208 |0.270589 | 0.27963 | 0.272573| 0.27169 | 0.271527 |0.271789 | 0.27585 | 0.271559 | 0.271554 | 0.271562

and thence every page is allotted as page rank supported time
visited as in eq (14).

TIMEPRt(j) = TSPRt(j) * T(t) (14)
Where time vector Tv = {T(1), T(2),
................................................. T(n)}

T( 1) - user’s total visiting time of a page related to topic i.
Time rank means that irrespective of similarity of similar link
structure of two web pages, the page having longer visited
time gets the high score.

3 EXPERIMENT

To compare the different page ranking algorithms we simulate
the working of these algorithms for the same we have carried
out the following activities.

a) Generate a website with rich hyperlink structure so that
different page rank could be calculated for this web site
and then they may be compared on the basis of their
working.

A web access graph is constructed which reflects he struc-
ture and connections of different web pages as shown in
Figure 1.

For different links a data set is generated showing the
URLs, Outgoing URLs, Keywords, frequency of key-
words, relevancy as shown in Table 1.

Convert it in easy understanding simplified web graph as
Figure 2 on basis of coding for nodes shown in table 2 se-
lecting a partial graph for calculations as shown in Fig. 3.
Calculating different page rankings for it using iterative
method.

Evaluating the results and give the empirical analysis of
these algorithms

The PageRank values of pages in figure 3 calculated by eq. (1)
Using d = .85.

PR(C) = .25+ .85+ (PR(J) + PR(K) + PR(L)  +

PRM
PR(F) = .25 + .85 * (PR(C)/2)
PR(G) = .25 + .85 * (PR(C)/2)
PR(H) = .25 + .85 * (PR(G)/2)
PR(I) = .25 + .85 * (PR(G)/2)

PR(J) = .25 + .85 = (PR(H)/3)

PR(D

)

PR(H) PR()
3 3

PR(I)
PR(M) = .25 + .85 x (T)

PR(K) = .25 + .85 x ( %(”)

PR(L) = .25 + .85 * (

On the basis of the above equations the pagerank is calculated
using iteration as shown in Table 3.

The calculation of Weighted PageRank algorithm for the web
graph of Figure 3 calculated on the basis of eq. 2, 3, & 4 is as
follows -

WPR(C) = .25 + .85 x (WPR(J) + WPR(K) + WPR(L)
+ WPR(M))

1 1
WPR(F) = .25 + .85 * ( WPR(C)*E*E )
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Table 5: Iterative Calculation for PRLV

ITERATIONS| O 1 2 3 a 5 ] 7 F] - 36 37
PRLV [ C ) | 1 | 3.65|2.545| 2.075] 2.012] 3.063] 2.624| 2.438| 2.413........ 2.6763| 2.6769
PRLV ( F ) | 1 |0.454|0.995|0.769] 0.673| 0.66]0.875| 0.785] 0.747]........ 0.796| 0.796
PRLV [ G ) | 1 |0.896] 2.608] 1.894] 1.591] 1.549] 2.229] 1.945] 1.825]........ 1.9789| 1.9789
PRLV ( H ) | 1 |0.426]0.462] 0.866] 0.697| 0.626| 0.616| 0.775] 0.709]........ 0.7173| 0.7172
PRLV ( I )| 1 [o.864] 0.8]1.851]1.413]1.227(1.201] 1.618] 1.444]........ 1.4649| 1.4648
PRLV ( J ) | 1 |0.439]0.342] 0.337] 0.414| 0.382| 0.368| 0.366] 0.397]........ 0.3855| 0.3855
PRLV ( K ) | 1 [1.006|0.724]0.695] 1.183| 0.98]0.893| 0.881] 2.075]........ 1.0039| 1.0038
PRLV [ L ) | 1 [0.722|0.587] 0.564] 0.938] 0.782] 0.716] 0.707] 0.855]........ 0.8006| 0.8006
PRLV ( M ) | 1 |0.533|0.495|0.477| 0.774] 0.65]0.598| 0.53]0.708]........ 0.6651| 0.6651
13
PRLV(I) = .25 + .85 * ( PRLV(G) * )
WPR(G) = .25+ .85 * ( WPR(C)*%*% ) 2
PRLV(J) = .25 + .85 * ( PRLV(H) 5 )
WPR(H) = .25+ .85 * ( WPR(G)*%*% ) 5 4
PRLV(K) = .25 + .85 * ( PRLV(H) x5+ PRIV() x5 )

11
WPR(I) = .25+ .85« ( WPR(G) *E*E )

11
WPR(J) = .25+ .85 * ( WPR(H)*§*§ )

WPR(K) = 25+ .85+ ( WPR(H) = %5+ WPR(I) = *

)

W=

2 1 2
WPR(L) = 25+ 85 ( WPR(H) x 25+ WPR() *
1
e
3 )

11
WPR(M) = 25 + .85+ (WPR(I) x5 %< )

On the basis of the above equations the Weighted PageRank is
calculated using iteration as shown in Table 4.

The calculation of PRLV algorithm for the web graph of Figure
3 calculated on the basis of eq. 6 & 7 is as follows -

PRLV(C) = .25 + .85 * (PRLV(J) + PRLV(K) + PRLV(L)
+ PRLV(M))

12

PRLV(F) = .25 + .85 % ( PRLV(C) * = )
38

PRLV(G) = .25 + .85 * ( PRLV(C) * =0 )

5
PRLV(H) = .25 + .85 * ( PRLV(6) * — )

IJSER © 2012
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4
PRLV(M) = .25 + 85 ( PRLV(I) * 75 )

2 4
PRLV(L) = .25 + .85 ( PRLV(H) x5+ PRLV(I) * 7> )

Table 6: Hit Count Data

OUT URL CURRENT URL HITS
timt_s Default.aspx 5
imt_s/courses.aspx iimt_s Default.aspx 18
mt_sBTECH.aspx Nt 5/COUTses.aspy 38
umt_s/cs.aspx nmt_s BTECH aspx 3
timt_s/it.aspx iimt_s/BTECH aspx 13
wmt_s/cecircular.aspx Hmt_s/it.aspx 1
umt_s Default.aspx nmt_s Default.aspx 9
timt_s'mca.aspx imt_s/courses.aspx 12
timt_s/Default.aspx Hmt_s'mea.aspx 12
imt_s/aboutus.aspx #mt_sDefaultaspx 3
timt_s Default.aspx imt_s/gboutus.aspx 6
iimt_s/contactus.aspx iimt_s/Default.aspx ]
imt_sMessages.aspx imt_s/Defaultaspx ]
iimt_s Default.aspx imt_sAlessazes.aspx 8
timt_s/cstimetable aspx iimt_s/cs.aspx 2
fmt_s/courses.aspx imt_s/csciroularaspx ]
int_s/cscircularasps tmt_s/cs.aspx 3
timt_s/courses.aspx imt_s/csnatice.asp 13
imt_s/cenotice.aspr iimt_s/cs.aspx 2
HMt_s/COUses.aspy #mt_s/cstimetable aspx 8
umt_s/default aspx nmt_s/contactus.aspx 7
timt_s ittimetable aspx imt_s/it.aspx 4
Nt s/CoUses.aspr fmt_s/ittimetable.aspx 1
umt_s/csnotice.aspr wmt_s/it.aspx 4
timt_s/gboutus. aspx timt_s/default aspx 5
Hmt_s/courses.asp imt_s/default.aspx 18



http://www.ijser.org/

International Journal of Scientific & Engineering Research Volume 3, Issue 12, December-2012

ISSN 2229-5518

Table 7: The Number of Relevant Pages and Relevance Value
for Query IIMT

Table 8: The Number of Relevant Pages and Relevance Value
for Query Student
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Figure 4: Number of Relevant Pages Verses Page Set for Query

IIMT
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Figure 5: Number of Relevant Pages Verses Page Set for
Query Student

On the basis of the above equations the PRLV is calculated
using iteration as shown in Table 5 and the hit count of a web

site IIMT made for simulation is calculated as shown in Table
6.

4 QOuTtcoME OF COMPARISON OF VARIOUS WEB

PAGERANKING BASED ALGORTHMS

The query of topics “IIMT” and “Students” are used for
evaluation of the PageRank, Weighted PageRank and PRLV.
The comparison is done on the basis of number of relevance
pages for both query and Relevance values calculated indicat-
ing the importance of order of web pages generated through
different algorithms for this the column charts and line charts
are used.In the result of query for IIMT and Student the num-
ber of relevant pages are been counted from the set of pages.
The sets are constructed from the query results as first three
pages, six pages and nine pages. The relevancy values are cal-
culated using relevancy equation [2], and values along with
the position of page in the result list which is sorted on the
basis of different page rank.

As per the result shown in Table 7, 8 the Weighted PageRank
and PRLV both gives similar number of relevant pages in each
set which is greater than number of relevant pages generated
in some set through PageRank for both the query IIMT and
Student as shown in Figure 4, 5. The relevancy which is shown
by relevance value [2], of pages in result set of Weighted Pag-
eRank is better than PageRank and relevancy of pages in re-
sult set of PRLV is better than Weighted PageRank in some
cases as shown in Figure 6, 7. If the size of page set increased,
the resultant relevancy value for Weighted PageRank and
PRLYV is almost similar.

5 CONCLUSION AND FUTURE SCOPE

This paper gives the working of different page ranking algo-
rithms used to retrieve the relevant pages through search engines.
The centre of attraction is the comparative analysis based on em-
pirical study which shows importance of different ranking algo-
rithms for the web pages. As well as the attention is drawn to-
wards the relevance calculation of different page ranking algo-
rithms through the simulation.

The result shows that when the size of page set to be searched
is small the PRLV is best out of PageRank, Weighted PageRank
and PRLV but if the size of page set to be searched is large the
performance is similar.These results can be considered to gen-
erate a new algorithm in future to eliminate the problems and
enhance the working of ranking algorithm to get the better
relevant results.
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